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ABSTRACT 
  
Lately, retirement planning has become very useful to individuals in investing into their future for intend of 
wealth in allocating transversely different classes of asset and precise investments. Through this, mutual fund 
investment companies are becoming more and more operative duct for the benefit of contemporary income 
generation, capital increment, and the kind of opportunities associated with diversification. Superior 
performing funds has been one of the most contentious area which over the years, researchers have had 
debates on and not able to have tenacity on it due to the unpredictable fauna of individual fund performance. 
The study therefore seeks to give evidence after a thorough examination of mutual fund performance where 
10 mutual funds in Ghana are analyze with its fund uniqueness or its specific physiognomies using an 
integrated approach. 
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INTRODUCTION 
 
Lately, retirement planning has become very useful 
to individuals in investing into their future for intend 
of wealth in allocating transversely different classes 
of asset and precise investments. Through this, 
mutual fund investment companies are becoming 
more and more operative duct for the benefit of 
contemporary income generation, capital increment, 
and the kind of opportunities associated with 
diversification. Superior performing funds has been 
one of the most contentious area which over the 
years, researchers have had debates on and not able 
to have tenacity on it due to the unpredictable fauna 
of individual fund performance. The study therefore 
seeks to give evidence after a thorough examination 
of mutual fund performance where mutual funds in 
Ghana are analyze with its fund uniqueness or its 
specific physiognomies using an integrated approach. 
With different results on different performance of 
varying funds with contradictory verdicts of earlier 
studies, the idea behind this research as stated earlier 
is to categorize fund physiognomies that explicitly 
affect performance. For the researchers to be able to 
do this, we assimilate the findings of previous works  
 
 
 
 
 
with highly improved list of physiognomies 
indicators which are not readily well-thought-out in 
past works. In addition to the above, our empirical 
discussions stand in the gap for procedural problems 
or challenges that gives in the findings of previous 
empirical researches. Hence, we discussed a 
substantial amount of survivor-adjusted fund samples, 
as it is discourse the benchmark concerns by fittingly 
adjusting risk, and the essence of doing that was to 
allow us give all-inclusive  and healthy results in 
respect fund performance and ascertain those exact 
fund physiognomies which ominously stimulus 
performance.    
 
LITERATURE REVIEW 
Following an astonish increase in exposure of mutual 
fund performance, many academic literatures has 
reviewed mutual fund performance base on both risk-
adjusted performance and risk-free performance. 
Mutual fund performance is measured based on a lot 
of indicated with the used of several models. Earlier 
works of mutual fund studies done by Jensen (1968), 
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Sharpe (1966), and Treynor (1965) which supported 
the efficient markets by way of refusing the 
capabilities of fund managers  by denying the ability 
of fund managers in shattering a risk-adjusted market 
portfolio;  but Ippolito’s (1993), in reaching the 
conclusion of his work opposed the earlier findings 
of the Jensen, Sharpe and Treynor. 
Bers and Madura (2000), Dutta (2002), Grinblatt and 
Titman (1992), Goetzmann and Ibbotson (1994), 
Hendricks, Patel, and Zeckhauser (1993), Ibbotson 
and Patel (2002), Volkman and Wohar (1995, 1996), 
reinforce this notion of market inefficiency by 
finding evidence of repeated winners among fund 
managers and positive performance persistence. In a 
related piece, Wermers (2000) finds that funds’ stock 
picking enables them to cover their costs, while from 
the opposite perspective, Davis (2001) finds poor 
performance persistence among small-cap funds. 
Bogle (2015) investigated the effect of scale on 
performance in the active money management 
industry.  It was found in the study that, fund returns, 
both before and after fees and expenses, decline with 
lagged fund size, even after accounting for various 
performance benchmarks.  This study was conducted 
by exploring a number of potential explanations for 
this relationship.  According to the study, this 
relationship is mostly prominent within funds that 
needs to direct their investment and also suggested 
that this relationship is most prominent among funds 
that have to invest in small stocks, signifying that the 
antagonistic scale effects are connected to fluidity of 
stocks.  In an attempt to control the size of the firm, 
the returns on fund’s does not depreciate in addition 
to the size of the family it is associated to, controlling 
for its size, a fund’s return does not deteriorate with 
the size of the family that it belongs to, signifying 
that scale necessarily must not be depraved for 
performance based on how that particular fund is 
structured.  
In a study by Gottesman & Morey (2012) they used 
an international database containing 103 German, 
UK and US ethical mutual funds which they review 
and extend previous research on ethical mutual fund 
performance by applying a Carhart multi-factor 
model benchmark problem towards ethical studies 
and characteristics was overcome from what it is 
been suffered from. After controlling for investment 
style, the study found no evidence of significance 
differences with risk-adjusted returns between ethical 
and conventional funds for the 1990-2001 period. 
Their study also suggested that ethical mutual funds 
went through a certain transmittable condition before 
the delivery of which they found no evidence of 
significant differences in risk-adjusted returns 
between ethical and conventional funds for the 1990–
2001 period. They also find in their study that, 
ethical mutual funds has gone through transmittable 
stage, before delivering financial returns similar to 
those of conventional mutual funds. They finally 
concluded in their study that, performance estimates 
are robust to the inclusion of ethical indexes, which 
astoundingly are not appreciating able to explain 
ethical mutual fund variation. 
In an attempt to deal with survivor bias and 
benchmark blunder of mutual funds, researchers like 
Philippas et al (2011), Chong & Phillips (2013), also 
challenged the work of Ippolito (1993) and reaffirms 
the work done by Jensen (1998). In similar works 
done by Owusu Akomeah et al. (2017) in their work 
title Volatility and Variability of mutual funds find 
that, most  risk  averters  will  really  consider 
eliminating  diversifiable  risk  from  their  portfolios 
when  considering  and  investors  decision  and  fund 
manager’s  choice  of financial  assets  allocation  in  
a portfolio.  
Again, a study conducted by Detzel and Weigand 
(1998) find that investment style and the size of 
stocks held by funds explains the persistence 
observed during their study period. Grinblatt and 
Titman (1994) also address the survivor of funds in a 
whole and concluded that, studies that finds excess 
funds returns might have been overstated in order to 
generate only the appearance of performance 
persistence. In a study conducted by (Baghdadabad, 
et al, 2011), concluded that improper benchmark 
specifications may cause errors in fund performance. 
Osei (2015) finds that funds that have lower expenses 
loads recognize superior performance, and this goes 
in line with a work done Gyamfi-Yeboah (2010) 
which also suggests that fees are commonly affiliated 
with negative overload returns. In dealing with 
turnover issues, Gyamfi-Yeboah (2010) assert to it 
that there exist a little positive relation between 
portfolio turnover and performance, but a study by 
(Baghdadabad, et al, 2011) suggest there exist a 
negative effect for portfolio returns and total funds 
expenses on fund returns. 
Current study extricates itself from past literatures 
where very crucial contributions are made to add up 
to existing literatures. Many works has been done in 
the areas of mutual fund by considering a lot of 
factors that come into play that affect the fund’s 
performance either risk-adjusted or risk free 
evaluations. This study views a widespread list of 
fund-specific features and a persistence measure that 
have been linked to mutual fund performance in 
Ghana especially those listed on the Ghana Stock 
Exchange (GSE).  The various variables used for the 
features are ideally then clustered into four main 
categories which are management, cost, growth and 
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popularity. In order to do away with the mystifying 
effect synchronous measurement of performance and 
feature variables. The study employs fund-specific 
variables which are measure in the years prior to the 
performance variable estimation and this covers the 
periods between 2010 through 2015.   
 
METHODOLOGY AND MODEL SPECIFICATIONS 
We separated the performance details and fund 
features during data collection and this was done on 
yearly basis over the period 2011-2015. Base on this 
5-year period, our cross-sectional and time series 
analysis took into consideration about 10 listed 
mutual funds on the GSE. The sample of the funds 
used for the study spread across funds with 
aggressive growth, growth, growth and income, 
equity income as far as it listed on the GSE. 
 
 
Survivorship Bias 
 
The main problem that most empirical literature has 
highlighted is survivorship bias. Survivorship bias 
mainly fallouts in average performance measures 
which are normally overstated due to loss of 
documentation of ailing performing funds during fold 
ups, reorganization, amalgamations and mergers. 
Since the GSE-All Share Index data includes the 
previous year returns, but restricted to funds which 
are still in operation, the table below shows the 
survivorship bias that could arise from over year’s 
performance on returns using only the most recent 
average returns data of the funds that are listed.  
 
The Performance-Characteristic Equation 
Investment style and objectives of varying funds 
usually affect the mutual fund performance mostly in 
emerging markets like Ghana with all its changing 
macroeconomic indicators which makes the economy 
a bit unstable. We did not actually make an attempt 
to add to existing knowledge but rather to identify 
the regular listed funds on the GSE its fund-specific 
features that are responsible for the fund performance 
and subsequently monitor it impact on independent 
investment objectives and styles with a fixed-effects 
model.  
A generalized multifactor model was used which 
then considers performance persistence, fund 
popularity (agility), growth (risk), operating costs 
and managerial features to give a vivid account on 
abnormal returns. 
Equation (1) connote the broad relationship:  
  
           
 
   
         
 
   
                  
  
    
       
               
 
    
                 
 
     
          
    
 
     
       
    
 
     
                                                          
PERFt = abnormal return for a fund in period t. It is 
the extended Jensen’s alpha with an estimate using 
the GSE monthly average returns. 
All mutual fund returns are returns after net expenses. 
The 30 variables seen in equation 1 are made up of 
fixed-effects model and account for period-specific 
fund returns attributable to the same period 
economy-wide and investment style effects. Thus 
they are concomitant to the performance 
approximation, while the fund feature variables are 
calculated in the period prior the estimate, and the 
persistence variable is the 1-year lagged estimate of 
the performance variable (PERSISTt = PERFt-1). 
Benchmark Error 
Many works has been done using developed markets 
for fund sensitivity performance to benchmark the 
proxy market returns. When a large market 
capitalization index is used as a benchmark, for 
instance the S&P 500, it will definitely results in a 
positive bias if a sample of small capitalization is 
used. A study done by Tabakh, et al (2016) indicated 
that, the positive performance that was reported in 
the work of Arora (2015) was as a resulted of wrong 
benchmark rather than from superior security 
selection of fund managers. Because of diversity of 
the funds data sets, applying a single benchmark 
model in an attempt to estimate alpha might be 
unsuitable. In the same way, whenever a fund feature 
is matched up a misplaced benchmark, there is a 
possibility of having an incorrect result with regards 
to the relationship between the fund feature and 
performance. The problem can be deal with through 
the calculation of an extended modified Jensen alpha, 
which permits multiple asset categories and the likely 
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correlation between features and benchmarks. What 
we did here was to factor in the groupings of the 
funds as it in on the GSE, thus classifying them into 
four-factor model where alpha and betas are 
constants and estimated as:  
                                
        ( 
                          
Where 
 Rpt is the return on the fund being evaluated 
in period t, 
 RFt is the return riskless asset in period t (3-
month T-bill), 
 βij is the sensitivity to benchmark j 
 Rjt is the return on the benchmark in period t 
 E is the equity fund on the GSE 
 B is the balanced fund on the GSE 
 M is the money market fund on the GSE 
 R is the real estate fund on the GSE 
 εPt is the random error. 
The four funds listed on the GSE are mutually 
exclusive in the areas where they cover it follows the 
same benchmark and thus minimize the potential for 
benchmark error. The alphas obtained from the 
model constitute the performance measure, PERFt, 
and the persistence measure, PERSISTt, in Eq. (1). 
The table below provides a summary of the said 
estimated alpha over the period of 2011-2015. In 
addition to the table is the average median alpha, the 
standard deviation of the averages, the minimum and 
maximum estimates and the number of funds for the 
alphas are estimated.  
 
 
Variable Description 
Base Variables 
From the first equation, thus Equation (1) has 30 
variables posted on the right side and that is what is 
used to form the fixed-effects model where the year 
of observation (YEART), investment objectives 
(INVOBJT), and the interaction between the year and 
the investment objective (INVOBJT YEART) are 
used as control variables.  
 
Persistence and Characteristic Variables 
In an attempt to extend the base model, our work 
considered some few more factors which have effect 
on fund performance starting from fund performance 
persistency. Many studies and literatures recorded 
performance persistence as one of the key factors 
whiles others recorded survivorship bias as one of the 
key characteristics to fund performance. The matter 
of different recordings by literatures is address in our 
study by way of adding a risk-adjusted insulated 
performance indicator, PERSISTT. Four explicit fund 
specific attributes in addition to the base model and 
persistence was included in our study. The GSE data 
base allows an investigation up to a certain limit the 
list of attributes that are in line with the four 
universal model categories: popularity, growth (risk), 
costs and management variables as indicated in the 
first equation. 
Popularity variables measures how funds could be 
adaptive in terms of pressure as and when there is 
buying and selling pressure. Popularity of a fund may 
be provisional on its seeming capacity in other to be 
in line with its investment objectives. The variables 
which can be used to measure popularity are: fund 
dexterity, fund scope, and investors’ wish for a 
certain fund feature. Deputations for popularity 
comprise the subsequent: total fund assets, market 
capitalization, total assets to market capitalization, 
net asset value (NAV) of the fund, and NAV relative 
to average NAV by fund objective.  
Growth (risk) as an indicator also measures certain 
dynamics which affects the imminent performance of 
a fund with the hope that growth dynamics 
confidently stimulus performance. When risk-
adjusted performance measures are used by including 
certain imitated indicators to differentiate between 
investment objectives, the researchers also 
considered other factors which include 
diversification levels, relative holding, price earnings 
ratio, and price to cash ratio.  
The Cost indicators then measures the various 
expenses of the fund incurred during the day to day 
running of the business and it includes the measure 
of expense ratios. 
Management variables attempt to capture managerial 
and organizational attributes as well as monitoring 
mechanisms that bind managers to stated fund 
objectives, all of which ultimately impact 
performance. The variables considered here are: 
turnover, funds under management, tenure, relative 
tenure, fund age, minimum initial purchase, and 
management structure. Turnover is a measure of 
trading activity or the propensity of a manager to 
trade.  
Table 4 (Panels A, B, and C) present summary return 
and risk information, as well as characteristic 
variables listed according to the model categories of 
fund popularity, growth (risk), cost, and management 
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for all funds from 1996 to 1999. Panel A contains the 
means, medians, standard deviations, minimum and 
maximum values for the characteristic variables, and 
reveals a broad mix of funds evident in the wide 
range of values. 
Panel B presents the same summary statistics for all 
funds on a year-by-year basis over the 4-year study 
period, while Panel C presents the summary 
information by investment objective for the 1999 
funds. An analysis of Panel B data shows that, in 
general, average total assets have increased by 
approximately 5% per year with a far greater increase 
in the market capitalization of issues in which funds 
are investing. These trends reflect the stock market 
appreciation over the study period. 
Table 4: Overall summary statistics on fund 
characteristics 
 
Multicollinearity 
The fixed-effects base model takes into account the 
year on fund performance and investment objectives 
effect. This model mathematically uses ordinary least 
squares regression (OLS) which picks up the risk-
adjusted performance measure to be a dependent 
variable, and the explanatory variables will be the 
year, investment objective and interaction indicator. 
Since Independent variables for our study are more 
likely to interrelate amid themselves. The correlation 
of the interrelationship of the aforementioned 
variables have been analyzed and presented in the 
table 5 below accordingly. Mostly, when 
multicollinearity are presented, it doesn’t present the 
most efficient correlation coefficients since it is 
mostly below 0.30 coefficient. The variables that 
shows a substantive quantum of correlations are all 
grouped together for a discrete regression analyses to 
take into effect it transformational impact in case of 
possible elimination into either sign, degree and a 
standardize error of the coefficient estimates. It can 
be seen from the results which gives an in-depth to 
the chockfull list of feature indicators that, base of 
the correlation analysis drawn from the sample, there 
is a multicollinearity cases amid growth 
categorization variables thus, price ratios, PE, PB and 
PC since the numerator of the ratios 
undistinguishable. The PB and PC ratio can be 
transform into a different shape and variable to be 
defined as the ratio of the PB to the PC and this is to 
provide a measure of cash flow to book value per 
share and this is done to allay the effect of the 
multicollinearity delinquent. Such a measure captures 
both the cash flow and book value information while 
eliminating the confounding effect of a common 
price variable. 
There was a substantially high degree of 
multicollinearity between the tenure, relative tenure, 
and the fund age variables amidst management 
category which regress each variable differently and 
that leads to the total eradication of relative tenure 
from the model. When this happens, it will 
automatically reduce with no effect on the goodness 
of fit for the model the standard errors of the 
estimates for both tenure and age.  Turnover and 
relative turnover, assets of fund complex, and 
number of funds under management, which leads to 
the eradication of relative turnover and assets of fund 
complex from the model are examined to see the 
correlation between them.  In considering the cost 
variables, multicollinearity will be reduce by doing 
away with fees and adding the two load variables 
into a total load.  In summary, after addressing the 
multicollinearity between independent variables, the 
final model consists of 19 characteristic variables 
that range across each of the four model categories. 
These 19 explanatory variables are used in addition 
to the persistence and base model variables 
previously developed. 
 
RESULTS 
Panel A 
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Panel B 
 
 
 
CONCLUSIONS 
Our work provided a very wide-ranging and 
assimilated investigation of mutual fund performance 
through scrutinizing 10 sets of mutual funds and a 
detailed list of fund-specific features. The main idea 
behind our study is to bring to bear the specific 
factors which are associated to fund performance. 
The study has made extra or additional contributions 
by extricating itself from past literatures by focusing 
on emerging markets since most studies are done in 
developed markets. There was a thorough analysis on 
the relationship between mutual fund performance 
and fund specific indicators, updated data set from 
the GSE for mutual funds and its fund features. 
Our study captured more recent years than previous 
literatures since this study examines fund specific-
features from 2010 through 2015 which takes into 
effect the recent conditions and volatile growth of 
one of the most growing emerging markets of mutual 
fund. We adjusted the data to suit for the survivor 
bias of the funds and together we reported the 
benchmarking situation where a performance 
measure is taking into account in estimation of a 
multiple benchmark model. The specific indicators 
that expressively impact on mutual fund performance 
are the Price Earnings, Expense Ratio, cash-flow-to-
book value, and the number of funds under 
management. Our study indicated a snag 
configuration in mutual fund performance. 
All the important indicators which affects fund 
performance is relatively considered in terms of their 
relations to the fund’s investment and operations in 
Ghana. A typical situation is the derivation of values 
for PE and CB variables been taken unswervingly 
from the fund’s investments for it to spawn 
anticipated performance. When the PE and CB of the 
fund’s investment is high, the more likely to be the 
greater prospect superfluous returns, with all other 
things been constant. Our study reveals that, the 
impact of fund’s agility is caused by market 
capitalization which unswervingly relates to the 
fund’s investment portfolio. There are a number of 
other significant indicators which are also more 
meticulously in relation with fund’s operations. The 
frequency of time an individual fund manager’s 
describe how a fund will perform in the market with 
its benchmark, and this therefore means that as fund 
managers devote more time to an individual fund, 
that particular fund is likely to perform much better 
though it is costly in terms of high cost in connection 
to increase in management compensation, research 
support. This finding is supported with a study done 
by Huij & Post (2011) who also stated a similar their 
research.  
Whenever and investor decides on a universal 
investment objective, the predictable fund 
performance can be ominously enhanced by cherry-
picking those funds that rank extremely based on the 
characteristic variables discussed. As far as it is 
crucial in selecting a mutual fund is categorizing 
which features do not show any weight on excess 
performance, in the vice versa, our study find that 
management variables are not largely connected to 
surplus returns with the exclusion that managers who 
riven their exertions amongst numerous funds incline 
to be less efficacious. 
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